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ABSTRACT
In this paper, we developed techniques to identify and quantify the damage to
bridges based on images obtained by the unmanned aerial vehicle (UAV). Currently,
the bridge inspection is carried out through a visual inspection by manpower but has
limitations on the accuracy of the inspection and accessibility of the bridge. Thus, the
method of bridge inspection using unmanned inspection equipment is expected to
complement the limitations of these existing methods and replace them altogether. The
process of detecting and quantifying damage is usually three steps, the first step was to
acquire images using UAV and second step was image processing using MATLAB, the
third step was to quantify and express damage on original images. Performances of the
technique were evaluated through lab-test and field test. The width of the cracks in the
steel and concrete bridge deck surface and pylon was quantified in units of 100μm. The
non-contact bridge damage detection technology proposed in this study can be applied
to the actual bridge inspection field and it is expected that the economic and technical
efficiency will be high.
1. INTRODUCTION
Recently, the importance of safety and maintenance has been emphasized due to
the recent construction of large bridges and the deterioration of existing bridges.
However, most of the maintenance work is dependent on the manpower. Moreover,
compared with developed countries, the development of the domestic facilities
maintenance market is insufficient and the maintenance technician is more needed for
the safety of the aging facilities.
Appearance inspection is carried out by inspecting the exterior problems of
bridges by using skilled professional manpower, ladder special vehicles, and
equipment or by using safety diagnostic devices pre-installed on bridges. Current visual
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inspection methods using special vehicles are also burdensome in terms of economic
efficiencies, such as traffic congestion caused by vehicle control and installation of
safety equipment to ensure the safety of investigators. Especially in the case of
spherical bridges, safety devices for investigators are not installed or insufficient.
The appearance inspection of the bridge by the drone can reduce the cost of
bridge safety diagnosis relatively because the use of the input manpower and special
equipment is minimized. In particular, periodic shooting by the drone and the situation
of the bridge inspection can be recorded, and a database can be used for regular
safety inspection of the structure.
In this paper, it covers only the cracks among various apparent damage to the
bridge. Cracks in the surface are one of the initial signs of degradation of the structure,
which is essential for maintenance, and sustained exposure can cause severe damage
to the environment. Particularly, in the case of concrete structure, cracks of 300
micrometers or more are the criteria for evaluating the condition of bridges. In the case
of steel structures, cracking itself may cause serious structural damage.
2. Theoretical Background
2.1 Otsu’s threholding
The chromaticity value at the boundary between the regions is called the
threshold value. One of the threshold calculation methods for calculating the threshold
value optimally is the Otsu method. In 1972, Nobuyuki Otsu proposed a threshold
calculation method to find the optimum T value by using the variance in class and the
variance between classes. In the case of the distribution method in the class, since the
dispersion value indicating the degree of the pixel distribution is smaller and the
dispersion method between the classes is the inverse of the dispersion in the class, the
larger the dispersion value, the better the optimal T value can be obtained.
Intra-class variance is defined as
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The class mean value can be calculated as
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And the individual class variances can be obtained using
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A number between 0 and 255 should be assigned to T and the corresponding
intra-class variances are computed using the above formulas. The value of T
corresponding with the maximum intra-class variance is the thresholding value called
Otsu’s value (Otsu 1979).
2.2 HSV color space
HSV color space is defined with hue, saturation and the value of a color. A hue of
color (H) is the pure color resemblance, which is described by a number between 0 and
1, specifying the position of the pure color on the color wheel. The saturation Value (S)
of a color stands for how white the color is. For instance, a pure red has the saturation
of 1, while the white has the saturation of 0. The value of a color (V) represents the
lightness of the 39 color, for instance, a pure black has V value of 0. The cracks
showed larger values in the S component of the color image. This characteristic is used
to categorize cracks from irrelevant objects that have not been cleared from the image
yet (Lins and Givigi 2016).
3. Proposed crack diagnosis algorithm
The process of detecting and quantifying damage usually consists of three steps,
the first step was to acquire images through UAV and second step was image
processing using MATLAB, the third step was to quantify and express damage on
original images (Mohan and Poobal 2017). Considering the general order of diagnosis
algorithms, an algorithm for detecting the cracks in the surface (concrete, steel) is
proposed and is shown in Fig. 1.
Step 1: Image Acquisition
Generally, the image is captured using the CCD camera mounted on UAVs, and
the higher the number of effective pixels, the better the image processing. And then
read the video file to extract the frame containing the region of interest area and save it
as a JPEG file format.
Step 2: Image pre-processing and post-processing
In the proposed method, the original image was converted to a grayscale image.
A median filter was applied to reduce a noise like a stain or blurring on image and to
smooth the image. The Otsu’s thresholding algorithm is used to convert the intensified
edge image to a binary image. In this step, Area thresholding algorithm which is
remove the object area less than 150 pixels. Since the shape of the crack is not
perpendicular or horizontal, the connected components with the orientation of 0 and 90
degrees were then removed through the orientation based elimination technique. To
remove the small noise remaining on the image, the objects with an area less than 50
pixels were eliminated. Finally, using the crack properties in the HSV color space,
cracks from other surfaces irregularities such as edges and watermark, stain were
separated.

Fig. 1 The propossed crack diagnosis alg
gorithm
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m
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